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Advances in disease diagnosis by flow cytometry assisted by artificial intelligence
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Abstract: With the development of high-throughput flow cytometry (FCM) ,it is increasingly difficult for
traditional data analysis methods and tools to cope with the exponentially increased detection parameters and
data of FCM. Especially,the subjectivity and labor intensity of manual analysis and the objectivity and accura-
cy requirements of flow cytometry have become increasingly obvious contradictions. The development of new
algorithms and tools for data visualization and analysis has become an urgent need for clinical applications. In
recent years, FCM is assisted by Artificial intelligence to diagnose diseases and study cell population, which
solves the dilemma of low efficiency and accuracy of FCM. The automated analysis method of FCM is prelimi-

narily constructed to replace the traditional manual analysis. This auxiliary diagnosis method will bring new i-

deas and new changes for disease diagnosis.

Key words: artificial intelligence;
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